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ABSTRACT

This study aims to gain access to the best models for forecasting of
economic variables affecting the consumption of vegetable oils, Arab
Republic of Egypt during the period from 1990 to 2007 using modeis ARIMA,
regression models with integrated self-moving average Autoregressive
Integrated Moving Average in economi¢ forecasting. And methodology was
used (1976 - (Box-Jenkins, which is based on the integration of the self-
regression models AR and moving averages MA. The application of time
series for some variables that affect the consumption of vegetable oils in the
Arab Republic of Egypt during the period from 1990 to 2007 using the
STATGRAPHICS statistical program and show the results obtained that the
best predictive ability of models with higher accuracy by testing the model
ARIMA (0,1,2) to the data from the census and the random walk model of
Random Walk for the local production of vegetable oils, and model the
general trend for the rest of the variables under study. The predicted values
of the following: -

1 - Population: the population growth expected to continue in the next few
years at rates less than expected average percentage of increase during
the study period.

2 - local production; it is expected to increase domestic production of
vegetable oils to increase at rates greater than the increase during the
study pericd.

3 - Average per capita consumption: it is expected to increase the average
per capita consumption in the next few years at rates less than the
average percentage of increase during that period.

4 - the gap: It is expected that the gap is approaching the status of stability
over the next few years,

5 - support for oil: it is expected to increase support for the food oils, the
largest proportion of the increase during the study period due to the
increase in population and increase the average per capita consumption,
as welt as the addition of all the birth of modem ration cards dunng 2008.

6 - national consumption: national consumption is expected to increase over
the next few years due to an increase in the number of the population
and thus increase the number of enrolled cards as well as supply and
increase the average per capita consumption of cils and to increase
support for the oils.

This has been predictable levels of economic indicators affecting the
consumption of oils and containing {(number of population, local production,
the average per capita consumption, the size of the gap, the vaiue of national
consumption and support for the oii) until 2016.
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